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The Influence of Outlier Trimming Methods of Hospitalization Expenses on
Efficiency of CHS-DRG

Zhang Liangnan,Li Jingyuan, Feng Wen ( Department of Health Policy and Management, Peking University School of Public
Health( 100191 ) , Beijing )

[ Abstract] Objective The calculation of payment standards is the key link of the implementation of DRG. This study
aimed to analyze and compare the characteristics of the four commonly used data trimming methods , prepare for actual payment
and provide enlightenment and method improvement basis for subsequent researches in related fields. Methods The outliers of
hospitalization expenses of discharged cases in a city’ s secondary hospitals from 2017 to 2019 were trimmed using the
interquartile range and winsorize. Using the coefficient of variation, reduction in variance ( RIV ) , Kruskal-Wallis H and ROC
curve to evaluate the improvement of DRG grouping performance by different methods. Results The four methods all improved
the DRG grouping performance index after trimming the outliers, but the degree of improvement was different. The author
believed that the most appropriate trimming method was method 2( high trim point:Q, + 1. 5IQR, low trim point.Q, -0.5IQR ).
By comprehensively evaluating the changes of CV, RIV and ROC curves before and after outlier trimming, a data trimming
method with better grouping performance could be obtained. The results of this study showed that the second method of trimming
data could get better effectiveness. Conclusion  Appropriate trimming could avoid unnecessary waste of medical insurance
funds ,maintain the stable operation of the hospital’s economy and reduce the burden of patients’ disease. The local medical
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insurance bureau should appropriately select timming method according to the actual hospitalization data.
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